Think Before you Write:
QA-Guided Reasoning for Character Descriptions in Books

Argyrios Papoudakis, Mirella Lapata, Frank Keller _ 8 THE UNIVERSITY of EDINBURGH
School of Informatics, University of Edinburgh, UK »/- informatics

Takeaways:

* For character description generation, enabling built-in reasoning degrades performance compared to no reasoning
(empty trace).

* Decoupling reasoning from generation and training each component separately leads to more faithful, informative and
better-grounded descriptions.

1. Character Description 2. Built-in reasoning

 Understanding characters is important for narrative-focused Qwens-5B

applications (e.g., summarization, story generation).
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Description: Carrie is the protagonist and narrator. Carrie values winning
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began with her father, Javier. After her mother died, Javier threw himself
into making Carrie the best tennis player he could, calling her Achilles ...

 [truncated] ) Performance drops across metrics and different settings (retrieval-
based, hierarchical and incremental processing).

3. QA-guided Reasoning
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Books paired with human-written character descriptions.

Modular approach that decouples reasoning from generation. Two separate models,
which are trained independently.

QA Trace

Q1: What 1s X’s role?
A1: Protagonist

Structured reasoning trace: question-answering pairs with typed questions and
explanations.

GRPO

training Q2: Who is X’s ally? Reasoning model is trained with GRPO using silver-standard traces derived from gold

A2: Character Y descriptions. F1 score is used as a training reward.

<think> . : : : : :
QAltPace I Generation model is trained either with SFT or GRPO using gold-standard
</think> descriptions.

BookWorm (Papoudakis et al., 2024) BookWorm CroSS
Character Description: I;oqks (rgostlybnovels and plays) from Books 394 196
X’s adventures begin with her fateful jump down the rabbit hole, and roject Gutenbers. gharaicters 598;;1 683?1
the tale is an extended metaphor for the challenges she will face Iamp is b ’ 19
as she grows into an adult. She possesses unusual composure for a CroSS (Yuan et al., 2024) nput Lengt J7,685 J,113
child, and she seems bright but makes many charming mistakes... Novels published in 2022 and 2023. Output Length 88.79 295.27
4. Results 5. Limitations
QA-guided reasoning outperforms * Different types of reasoning structure
no / built-in reasoning GRPO training outperforms ZS and SFT and free-form reasoning.
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